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A M ultisensor Data Fusion Estimation A Igorithm for
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Abstract To solve the vehicle’ s tracking problensw ith real tm e and precisbn in autamated highw ay systam,

a

novel state estmatbn algorithm based on multisensor data fison & proposed Fistl, a nonlinear systan dynam ic

modelwas established for he vehiclemotbn state w ith discrete tine and mu ltiple models By utilizing each sensor

measurement data n current tm e and canbning interactng mu ltiple models ( MM ) w ith extended kalman filter

(EKF), the bcal state estim aton valie and error covarance matr w ere obtained. Then data fusion with dynam ic

wekht coefficientwas carried out so that the accuracy of the state estinate n he maneuver could be inproved to

guarantee reaktine tracking perfomance The Monte-Carlo smu lation results show the effectiveness of the ako-

ribm in mpoving he accuracy of veh rlemaneuvering target track ng

Key words vehicle maneuvering target track ng interactng multiple models ( MM );

(EKF): data fusbn

extended kalman filter



